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Real porous medium (L, ϕ)

Simplified unit cell

L
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(Bijeljic et al., 2011)
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On going: RD and its link to porous geometry

Can we estimate the value of RD directly from the geometry structure of immobile regions? 

Generation of a 

porous medium

Define a velocity 

threshold 

L
o
g
 (

N
u
m

b
er

 o
f 

p
ar

ti
cl

es
)

Log (Escape time)

Analysis of the shape, 

connectivity and dimension 

of the low-velocity regions 

Particle tracking simulations of the 

escape time

Siena et al. (2014)
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(Manually) Estimated 

parameters

L 100.45 µm

RD 0.0017

X-ray scanned 3D sandstone
(Bijeljic et al., 2011)

ϕ 0.214

ϕm 0.199

ϕim 0.015

Is the model performing well on 3D case studies? 


